A\ /7
S

\%,

T

| —

Al

-

5 AR BRI AR
FErEERL B IR B FE
ETERNT M5 A R ST A
G 15l
April 26, 2023




HFrd

R T TEREE N R HE R
— HHEAME # KR HEGR

BT H AN E R
- EARERIIIA

;ﬁg_l‘ g /\\\ "El;ﬁ

— Example from Nobel Laureates
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— Example from my research
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— National Taiwan University
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Why Causal Inference?



Why causal inference?

* Policy implication
« Academic research

— economics, business, sociology, education, political science

 Personal life

— weight loss, health, education







4

N
4

RE BTGt T AR w4 5 S

EX.
'“'/“ BRIFE ¢ https://lwww.nobelprize.org/prizes/economic-sciences/2021

{E SVERIG f_';.""f RIKSBANK PRIZE
IN ECONOMIC SCIENCES IN MEMORY

OF ALFRE ?.3 '\Uui’ = 2021

,: fﬂ-\ Il

//Q\ /}QKM , \\
N B \
8 Y & «5‘ \

David Joshua Guido

Card D. Angrist ~ W. Imbens

“for his empirical “for their methodological
contributions to labour contributions to the analysis
economics” of causal relationships”
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Natural Experiment
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The association between
education and income &

There is a clear correlation between years 65%
of education and income. But does this
mean there is also causation?

12%

Income
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S, Matighal Taiwan University
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Ideal randomized controlled experiment

In practice,

o nonexperimental data, ONLY “observational” data

No ideal experiment. ..

Second best choice

o Quasi-nature experiment (H ZAE Ex)
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People born late in the year have more years of education and
higher incomes

Additional years of education have a positive effect on income. The figure uses data from Angrist and Krueger [1991).

Born in first quarter O Born in fourth quarter
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The effect of increasing
the minimum wage

Card and Krueger used a natural experiment
to study how increasing the minimum wage
affects employment.

The researchers identified a treatment group
(restaurants in New Jersey) and a control group
(restaurants in eastern Pennsylvania) to measure the
effect of increasing the minimum wage.

() CONTROLGROUP @ TREATMENT GROUP

PENNSYLVANIA

Employment (feb 1992=1)

1.3
1.2 4
1.1 4

0.9 4
0.8
0.7
0.6 4
05

1A

=  New Jersey
e Eastern Pennsylvania

Soa A

Oct -91

Oct -92 Oct -93 Oct -94 Oct -95

1 April 1992: The hourly minimum wage in
New Jersey was increased from 4.25 dollars
to 5.05 dollars. Despite this, employment in
New Jersey was not affected.
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(Jan, 2022) Learning from the Joneses: Technology Spillover, Innovation Externality,
and Stock Returns, Journal of Accounting and Economics (EE—{E% )

(July, 2021) Testing Disagreement Models, The Journal of Finance, (with Yen-
Cheng Chang, Pei-Jie Hsiao, and Alexander Ljungqvist)

(Feb 2021) Valuation of New Trademarks, Management Science, (with Po-Hsuan
Hsu, Dongmei Li, Qin Li, and Siew Hong Teoh)

(Feb 2021) More Cash, Less Innovation: The Effect of the American Jobs Creation
Act on Patent Value, Journal of Financial and Quantitative Analysis (S8 (%)
(with Heitor Almeida, Po-Hsuan Hsu, and Dongmei Li) (Jan, 2021)

Short-Termist CEO Compensation in Speculative Markets: A Controlled
Experiment, Contemporary Accounting Research, forthcoming (with Yen-Cheng
Chang, Minjie Huang, and Yu-Siang Su)

© WRASHHT] (8877 x 1, A< % 1).

(Sep, 2021) Supply Chain Technology Spillover, Customer Concentration, and
Product Invention, Journal of Economics & Management Strategy, forthcoming
(with Po-Hsuan Hsu, Hai-Ping Hui, and Hsiao-Hui Lee)

(June, 2021) Technology Spillovers and the Duration of Executive
Compensation, Journal of Banking and Finance, 2021; 106209 (with Minjie Huang
and Thomas Kubick)



Establishing Causality in Investor
Disagreement Models. Research Forthcoming
in The .Journal of Finance

Testing Disagreement Models, new research by Associate Prof. Yen-Cheng Chang, Associate Prof. Kevin Tseng, doctoral student Pei-Jie

Hsiao of the NTU Department of Finance, and Chair Prof. Alexander Ljunggivst of the Stockholm School of Economics, is forthcoming in The

Journal of Finance, marking the journal’s first acceptance of a submission by NTU scholars since 1999.

Asset pricing is a core field in financial economics. One of the major
challenges of asset pricing is to propose models that explain the
behavior of asset prices. To this end, models that incorporate
investor disagreement can be enlisted to explain empirical
regularities, such as investor overtrading, asset bubbles, and stock
price crashes. These are all issues of great interest to academics,
practitioners, and policy makers. While models of investor
disagreement are appealing on theoretical grounds, prior empirical
studies do not demonstrate solid causal evidence for the role of

disagreement in asset prices.

To meet this empirical challenge, the research team exploited a

Photo of Research Team Pei-Jie Hsiao, Yen-Cheng Chang, Kevin Tseng
(Left to Right)

ERIAE © NTU Highlights
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« Miller 1977
« Contemporaneous effect
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Staggered introduction of online access to the Securities and Exchange
Commission’s EDGAR system

« Today, EDGAR provides free and real-time access to all U.S. firms’

mandatory filings

U.S. SECURITIES AND
EXCHANGE COMMISSION

ABOUT | DMSIONS | ENFORCEMENT | REGULATION | EDUCATION | FILNGS | NEWS

FoSAR e s EDGAR  Company Filings

Free access to mere than 21 million filings

SEARCH

Vutuzl Funds

More Options »
rigble In:
oducts
Iy Filin ype :
Guides
lean Archive Search How to Research Public Companies
Leam how to quickly research a company's operations
ull Text and financial information with EDGAR search tools.
Past 4 Vears)
Form Types
CIK Lookup Review reference versions of EDGAR forms filed by
companies, funds, and individuals
Confidential Treatme
Orders
Effectiven: tices

We're improving EDGAR. Prefer the old page? It's still available.

Fast Search @

Ticker symbol or CIK is the fastest way to find
company filings.

Search Tools

CIK Lookup Tool

Look up the central index key (CIK) of an EDGAR filer.
Searching by CIK is the most accurate way to view
filings.

Save Your Search |
Want to get updates on new filings? Learn how to save
your search by subscribing to EDGAR RSS feeds
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Feb 23,
1993:
SEC
releases
access 0 pyle to make
electronic EDGAR

filings filing

through mandatory, EDGAR

commercial  phased in provides

data after testing free and

SEC pilot vendors (SEC real-time
allowing (e.0. Mead Rgledse 33- access to all
irms to file  Data), ata 6977) U.S. firms’
slectronicall  high cost to i mandatory

¥ vestors +——— —H+—+— flings——
1984 1989 1993 1995 May 6, 1996
\ J

Ten phase-in waves

J « LA s
S, Matighal Taiwan University
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Heterogeneous Beliefs

CONTENTS
21.1 State-Dependent Utility Formulation 554
21.2 Aggregation in Single-Period Markets 558
21.3 Aggregation in Dynamic Markets 558
21.4 Short Sales Constraints and Overpricing 562
2L.S Speculative Trade and Bubbles 564
21.6 Notes and References 565

his part of the book provides brief introductions to several important
extensions of the theory. There is a large literature on each of the topics
covered. Rather than trying to survey the literatures, we try to provide
careful treatments of some foundational issues and models within each literature.
The goal is to provide enough background to make the literatures accessible.
This chapter relaxes the assumption made in most previous chapters that
investors have identical beliefs. We assume in this chapter that investors hold their
beliefs dogmatically, in the sense that they are not persuaded to revise their beliefs
when they realize that others hold different beliefs. It is very natural to assume
different individuals have different beliefs and hold them dogmatically if we take
the subjectivist view of probability (Ramsey, 1931; Savage, 1954). Chapter 22
examines differences in beliefs arising from differences in information. In that

case, each investor learns something about other investors’ information from
the terms of trade they are willing to accept, and they regard this information

* Policy implication
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Establishing Causality in Investor
Disagreement Models. Research Forthcoming
in The Journal of Finance

Testing Disagreement Models, new research by Associate Prof. Yen-Cheng Chang, Associate Prof. Kevin Tseng, doctoral student Pei-lie
Hsiao of the NTU Department of Finance, and Chair Prof. Alexander Ljungqivst of the Stockholm School of Economics, is forthcoming in The

Journal of Finance, marking the journal's first acceptance of a submission by NTU scholars since 1999,

Asset pricing is a core field in financial economics. One of the major

challenges of asset pricing is to propose models that explain the

behavior of asset prices. To this end, models that incorporate

investor disagreement can be enlisted to explain empirical

regularities, such as investor overtrading, asset bubbles, and stock

price crashes. These are all issues of great interest to academics,

practitioners, and policy makers. While models of investor

disagreement are appealing on theoretical grounds, prior empirical

studies do not demonstrate solid causal evidence for the role of

disagreement in asset prices.

To meet this empirical challenge, the research team exploited a
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Figure 2 Change in CEO compensation duration: Pilot versus control groups
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B Change in differences in CPD between pilot and control firms (in %)

Notes: We plot the evolution of the difference in CEO compensation duration (CPD) between the
Regulation SHO experiment pilot and control firms. We first compute the average difference in CPD
between the pilot and control firms during four three-year periods: 1998-2000, PRE (2001-2003), DURING
(2005-2007), and POST (2009-2011). We graph the period-to-period changes in these differences for the
PRE, DURING, and POST periods (ie., from the three-year period 1998-2000 to PRE; from PRE to
DURING; from DURING to POST).

al Taiwan University
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« Natural experiment (SHO)

— Regulation SHO: a randomized experiment by the SEC.
Relaxed short-sale constraints for a group of pilot stocks from
2005 to 2007.

— Program lifted short-sale price tests for every third stock in the
Russell 3000 sorted by trading volume.

 Pilot stocks show large increase in short-selling activities
and decrease in stock prices during the program (Diether,
Lee, and Werner, 2009; Grullon et al., 2015).

« Program has beginning and ending dates, allowing us to
do DID tests both during and after the pilot program
(Fang, Huang, and Karpo, 2016).
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Figure 1

Patent Value around the AJCA

This upper panel (Panel A) shows the evolution of average patent value of the treated and control
groups around the AJCA. Patent value is the annual patent market value to lagged assets. For post-
shock variables, we scale patent value by total assets in 2003. Treated and control groups are
defined as in Table |. The lower panel (Panel B) is based on Equation (2), which includes year
dummies, and then replace Residual[Firm Repatriates] (i.e., AJCA-Pr[Firm Repatriates]) with a
set of year dummies times the residual.

Panel A: The CW method

-.05 0
1 |

-1

Patent Value/ Lagged Asset

-15

2002 2003 2004 2005 2006
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Learning from the Joneses: Technology spillover, innovation
externality, and stock returns®
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o
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Kevin Tseng *""
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College of Management, National Taiwan Universicy, Taiwan =

© Center for Research in Econametric Theory and Applications. Teiwan —n‘ H:H .

ARTICLE INFO ABSTRACT
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Closing remark
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